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A Deep-Reinforcement-Learning Based
High Frequency Trading Strategy
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Full precision Result 1 Result 2

Bitwidth | FC1 | FC2 | FC3 | FCl1 | FC2 | FC3 FCl | FC2 | FC3

32 32 32 8 5 8 8 3 8
Win rate 82.93% 82.86% 86.05%
Net Profit 10.59% 9.86% 8.06%

(4) % Conclusion
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Fig. 1 Priority Queues used for Storing Past Price



Actor Network
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Fig. 2 Framework of Actor-Critic Neural Network.
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1e7 Final Cash vs Bit-width
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Fig. 5 Performance Corresponded with Arbitrary Quantization bits.
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