Spiking Neural Network Processor with Integer

Leaky Integrate-and-Fire Neuron
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1. Introduction
1-1. Research Background
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2. Research Methodology

2-1.System Design

2.1.1.
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2.1.2. Neuromorphic Processing Unit (NPU)
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2-2.  Application — Handwritten Digit Recognition
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2-3.  Application — Sudoku Answer Prediction
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2. Experimental Results

3.1. Handwritten Digit Recognition
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3.2. Sudoku Result Prediction
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